Certifiable Unlearning Pipelines
for Logistic Regression

An Experimental Study
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« Multiple unlearning stages decrease certifiability

Unlearning is the task of updating a ML model @ Retraining restarts pipeline & resets certifiability

after partial deletion of training data. . How to estimate certifiability?

Approximate Unlearning produces ML models that =+ When to trigger retraining?

are an approximation of the fully retrained model. 125
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